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World Wide Web has experienced explosive growth during the past two decades. One reason for this wide

acceptance is because the Internet allows individuals to reach out to the entire world beyond their localities. As e LA 1k ~ —\
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a result two opposing forces are at work in the cyberspace. On the one hand the Internet enables individuals or

regional groups to express their cultural uniqueness to the rest of the world more easily, but at the same time it

also creates a unifying influence on all online audience regardless of their country of origin. To understand the

relative strength of this homogenizing and diversifying influence, this paper examines the top-ranking websites

from different regions of the world to discover to what extent online audiences from different regions of the
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world shows common and/or distinctive browsing preferences.
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What countries are included in this study? AN RN .
. . .« . . — XV \ | \"/ \Q(OO\EE\,' % E —US —MX —IN —PK ---ID —DE —FR —JP —CN
Table 1 summarizes the 18 different countries included Table 1: Countties Included in This Study ! —sA —Ec —AE - BR —AR TH —MY —RU  UA
in this study. The list of top-100 websites was obtained ' ' | )
i Iman E Thatlan |
from the web traftfic provided www.Alexa.com (which y t,ed s e } g},’pt , - d |
is a subsidiary of www.Amazon.com) for each country. Me?ﬂco Fm.nce Umt?d Areb Emirt Malaysm |
(Please note that this poster reports the preliminary India Ching Brazi Russi
findings for these 18 countries, which is part of a Pakistan Japan Avgentina Ukrame —Us —mx —IN __PK —ID -BE —-FR —cn —p
larger study that encompasses 47 countries.) Iidonesia Soudi Arabia S L S
Membership Commonality Graph
Ba S i C assum pti ons: | 1. For small list size, the commonality value appears to be higher. This means the membership are more similar the

top-n list when n is small. This signifies a unifying influence by the Internet on the global audience.
2. Consider the clustering on the right-hand side of the graph. The first impression appears to be that the different
countries fall into one of 5 groupings shown in Table 2:
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The underlying assumption of this study is that online

. ) ) ’ o Group # | Countries Characteristics
audiences from different countries are likely to exhibit Group 1 | USA Highly similar to the global list, as the
their browsing preferences influenced not only by their US is probably the dominant influence on
unique regional culture but also the global cyber Internet behavior, commonality > 40% ‘l

Group 2 India, Pakistan, Mexico, Malaysia | Very similar to the global list probably
| due to the dominant of English language,
commonality ~ upper 30%

Group 3 Argentina, Indonesia, Germany, Moderately similar to the global list,
UAE, France, Brazil, China, Japan | country language 1s not English,
commonality around 30% mark

culture. Therefore by examining thetop-100 website
lists from different countries, we may be able to dis-
cern the relative strengths of the diversitfying and ho-
mogenizing forces.
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Group 4 Saudi1 Arabia, Russia, Ukraine Different from the global list, around
How are the ranking lists compared? . 20% commonality .
Group 5 Egypt, Thailand Very different from the global list, less

than 20% commonality

3. From the findings, it appears that, a major factor to browsing preference is “language”.

4. In group 3, China and Japan, seem to be separated from the rest. Not only did both have a lower commonality, we note
that for smaller m, the commonality value comes from below rather than decreases from higher values as are the case for
the other countries

We use the “global” ranking list as the basis of
comparison. The “global” ranking list is the list of
top-100 websites for the entire sample of web
audience surveyed by the ranking provider, Alexa.
This includes anyone in the world who had installed
an Alexa toolbar on their browsers. Each of the
country-based lists is then compared with the global
list in two ways:

Rank correlation Index

While membership comparison looks at what are included in the two lists, rank comparison is more dis-
criminating, in the sense that we are now interested in seeing if the two countries have similar ranking
preferences.

1. Figure 2 shows two distinct clusters. There is a group of 14 countries that show high correlation of rank-
ing with the global list. Germany lies on the top while France at the bottom of this cluster. The other “less
correlated” cluster consists of 4 countries: Russia, Ukraine, China and Japan.

in the “global” top-30 list? 2. Itis interesting to observe that US is actually in the middle of the first cluster, with a correlation coeffi-

cient of about 0.5
2. Rank correlation Index: In the “common” lists between the two countries under . .
consideration, how do the rank positions of the website correlate to each other? Final conclusion
Here we compute the Pearson’s correlation coefficient of the rank position of the Our preliminary findings indicate that online audiences from different
websites in parts of the world do exhibit different browsing preferences. Yet the
globalizing influences of the Internet in shaping a more homogenizing
The results of computation are shown in Figure 1 and Figure 2: cyber culture cannot be over-looked either.

1. Membership commonality: What percentage of the websites are common to both
top-n lists, where n=1, ..., 100? For example let’s consider the top-30 list from
Brazil. We are asking what percentage of the sites in the Brazilian list may be found
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